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Disambiguation method of name entities embedded in meta-path
heterogeneous networks
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(School of Information Science and Engineering, Hebei University of Science and Technology » Shijiazhuang, Hebei 050018, China)

Abstract : In order to solve the problem of disambiguation of duplicate authors in large academic databases, a name entity dis-
ambiguation modcl bascd on meta-path heterogencous network was proposcd. Based on the public data of the large onlinc aca-
demic scarch system DBLP, the author inlormation, title, name ol conlcrence journal and other characteristic attributes ol aca-
demic publications were extracted first. Then the characteristic attribute words generated by the word2vec model tool were
embedded into the GRU network for training, so that a PHNet matrix network for random walk operation was constructed to
capture the relationship between different types of nodes and finally similar nodes were divided to complete the name disambig-

uation. The experimental results show that the accuracy of the method is 0.865, the recall rate is 0.792, and the F, value is
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0.815.The meta-path-based heterogeneous network embedding model is superior to the comparison model in terms of accuracy
and recall rate. Therefore, the proposed model has a good application prospect in improving the accuracy of disambiguation of

large academic databases.

Keywords: natural language processing; computer neural network; entity disambiguation; network embedding heterogeneous

network
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Fig.10  Screenshots of experimental results
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Tab.1 F, value comparison
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4
ARSCH Deepwalk LINE Node2Vec PTE BE/%
Bin Yu 0.763 0.610 0.643 0.531 0.399 12.0
Rakesh Kumar 0.926 0.617 0.611 0.372 0.219 28.5
Lei Wang 0.697 0.419 0.639 0.263 0.447 5.8
Bin Li 0.781 0.392 0.641 0,186 0.349 14.0
Yang Wang 0.704 0.640 0.623 0.331 0.444 6.4
Yu Zhang 0.669 0.454 0.658 0.196 0.385 1.1
David Brown 0.981 0.494 1.000 0.221 0.575 40.6
Wei Xu 0.825 0.228 0.599 0.136 0.236 22.6
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