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Abstract : Conflict resolution requires the aircraft to adopt an effective method to meet the constraints of the working space.
Aiming at the problem of conflict resolution in multi obstacle environment, a novelty algorithm based on particle swarm optimi-
zation (PSQ) is proposed for conflict resolution which meets the mentioned constrains. The proposed DARPSO is similar to
PSO with two modifications: firstly, it takes into account the obstacle avoidance; secondly, it has a mechanism to escape from
local optima. Various experimental results obtained in simulations show that the proposed DARPSO is much more superior than
PSO. The DARPSO is applied to the process of conflict resolution of aircrafts, and it is simulated. The simulation results show

that the proposed algorithm can avoid the obstacles and complete conflict resolution effectively.
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Tab.1 Parameter settings of the test functions

PREK B FHAE HBH G Xomax Vs Be/ME 38
f1 Sphere A& [—100,100] 100 100 0 0.01
f2 Griewank EAES [—600,600] 600 600 0 0.15

A2 MK FHgMXLER

Tab. 2 Testing result for the test function

HH Wik iR i i34 BRI AL E e R WCSURTI =R /%
f DARPSO 40 10 1000 0.170 4 87.66 100
f2 DARPSO 40 10 1000 0.2887 124. 42 100
£ PSO 40 10 1 000 0.470 2 161. 56 100

f2 PSO 40 10 1000 0.745 6 171. 14 100
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Fig.1 [Initial positions of aircraft goals and obstacles
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