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Experimental research in evaluation model of
software maintainability based on WEKA
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Abstract: In order to evaluate software maintainability,an experiment was made about class dates of software maintainability.
Class maintainability was qualitatively evaluated by applying Losiscope. Some class metrics were collected by using Krakatau
Professional, metric attributes were analysed through WEKA and the key attributes were obtained. At last, professional class

model was trained through decision tree classifier, and the model was tested.
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1
Tab.1 Class level OO software source code metrics set
1 NPavgC (average number of method parameters)
2 OSavg (average operation size)
3 CSAO ( )class size(attributes&.operations)
4 CSO ( )class size(operations)
5 CSI (class specialisation index)
6 CBO (coupling between object classes)
7 DIT (depth of inheritence tree)
8 LCOM (lack of cohesion methods)
9 LOC (lines of code)
10 NAAC (number of attributes added)
11 NAIC (number of attributes inherited)
12 NOAC (number of operations added)
13 NOIC (number of operations inherited)
14 NOOC (number of operations overridden)
15 NOCC (number of child classes)
16 PPPC / (percentage public/protected methods)
17 PA (private attribute usage)
18 RFC (response for class)
19 SLOC (lines of source code)
20 TLOC (total lines of code)
21 WMC (weighted methods in class)
2
Tab. 2 Maintainability experiment(OO source code)
300 (C+-)
Logiscope, Krakatau Professional
1) Logiscope
2)  Krakatau Professional . ( D,
) 3.
3
Tab.3 A part of the output
CSA CSAO CSO DIT LCOM LOC NAAC RFC SLOC TLOC WMC
CRobotViewApp 0 3 3 0 20 0 3 9 77 4
CBlockDlg 2 5 3 5 0 30 2 3 13 46 3
CBlock View 0 1 1 7 10 0 1 7 258 1
CAboutDlg 0 2 2 0 23 0 2 10 34 2
CDBpParamater 4 6 2 9 0 32 4 2 14 52 2
CMainFrame 2 11 9 12 0 12 2 13 26 123 15
CDlgNewRecord 2 6 4 21 20 2 4 14 20 4
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Fig. 5 Graphic show of decision tree classifier model
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