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Adaptive equalization algorithm based on QPSO
CHI Yue LU Jianfei ,CHEN Guo-ying , WU Rui

(School of Information Engineering, Hebel University of Technology, Tianjin 300401 ,China)

Abstract : The technology of adaptive equalization can efectively overcome the inter-symbol interference caused by dispersion
of optical fiber channel and nonlinearity of optical fiber. But the traditional adaptive equalization a gorithm has some disadvanta
ges, such as dow convergence, poor stability and bad equalization result. These disadvantages restrict the application of adap-
tive equalizer in the high-speed optical fiber communication systems. An adaptive equalization algorithm based on QPSO a go-
rithm is presented. Smulation experiments show that the quantum-behaved particle swarm optimization algorithm (QPSO) has
many advantages, such asfast convergence, high calculation accuracy , etc. The equalization result of QPSO algorithmis better

than the traditional control algorithm.

Key wor ds :optical fiber communication; adaptive equalization ; adaptive algorithm; quantum-behaved particle swarm optimiza-
tion(QPS0)
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