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A improved basic particle swarm optimization algorithm

ZHAO Wenhong', ZHANG Hongbin"

(1.College of Sciences, Xidian University, Xian Shanxi 710071, China; 2. College of Information Science and Engineering, He-
bei University of Science and T echnology, Shijiazhuang H ebei 050054, China)

Abstract: In this paper, an improved particle swarm optimization algorithm was proposed. By adopting a integral control unit,
the algorithm determined the movement of every particle according to its fitness, which can jump out of the local best. Based on
the average local best position and the global best, one particle can acquire more information of the others to adjust its move-

ment. T hree benchmark functions were employed to show that the new algorithm is better than other improved algorit hms.
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